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Motivation

In the materials science field, data-driven techniques have the potential to accelerate the
discovery and design of new materials. Therefore, a large number of research groups and
communities have developed data-driven workflows, including data repositories [1]. In the
materials design domain, much of the data from materials calculations are stored in different
heterogeneous databases. Such databases usually have different data models. It is challenging
for users to find data and integrate data from multiple sources. To address such challenges and
make data FAIR, ontologies and ontology based techniques can play a significant role.
Therefore, we present the Materials Design Ontology (MDO) which defines concepts and
relationships to cover knowledge in the field of materials design.
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